
TRUSTED DATA

INFORMATION & DATA PRODUCTS

DATA PLATFORMS

SEMANTICS & KNOWLEDGE

INTELLIGENCE

THE ENTERPRISE
DATA ARCHITECT
IN THE AGE OF AI

Architecting the Intelligent Enterprise Through Cloud,
Lakehouse, Data Products, and Generative AI

NEERAJ BHATYAL

Free sample · full book at neerajbhatyal.com





THE ENTERPRISE
DATA ARCHITECT
IN THE AGE OF AI

Architecting the Intelligent Enterprise Through
Cloud, Lakehouse, Data Products, and Generative AI

A Comprehensive Guide to Modern Enterprise Data Architecture,
Strategic Design, and AIDriven Transformation

Neeraj Bhatyal
First Edition · 2026



The Enterprise Data Architect in the Age of AI
Architecting the Intelligent Enterprise Through Cloud, Lakehouse, Data Products, and generative
AI

Copyright © 2026 Neeraj Bhatyal. All rights reserved.

No part of this publication may be reproduced, distributed, or transmitted in any form or by any
means without prior written permission from the author, except for brief quotations used in re-
views, scholarly references, or other uses permitted by applicable copyright law.

First Edition, 2026

Disclaimer. This book is intended for educational and informational purposes. The architectural
concepts, frameworks, examples, and recommendations presented in this book represent the au-
thor’s perspectives and are intended to support professional learning and architectural decision-
making. They do not represent the views of any current or former employer.

Technology platforms, products, services, and industry practices evolve continuously. Readers
should validate implementation details against current vendor documentation, applicable stan-
dards, organizational requirements, and regulatory obligations.

Meridian Financial Group and all other organizations, characters, business scenarios, and case stud-
ies identified as fictional are illustrative and do not represent actual entities or events. References
to third-party products and services are provided for educational purposes and do not constitute
endorsement.

The author assumes no responsibility for decisions made solely on the basis of information con-
tained in this publication.



Contents

Preface . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . vii

How to Read This Book. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . ix

Introduction: The Emergence of the Intelligent Enterprise . . . . . . . . . . . . . . . . xi

Part I — The Evolution of Enterprise Data Architecture 1

1 The Enterprise Data Architect at an Inflection Point . . . . . . . . . . . . . . . . . 3

2 Understanding the Modern Enterprise. . . . . . . . . . . . . . . . . . . . . . . . . 21

3 The Modern Enterprise Data Landscape. . . . . . . . . . . . . . . . . . . . . . . . 39

4 Enterprise Data Architecture Principles and Practices. . . . . . . . . . . . . . . . 65

Part II — Designing the Modern Enterprise Data Architecture 85

5 Enterprise Information Architecture and Data Modeling . . . . . . . . . . . . . . 87

6 Cloud-Native Enterprise Data Architecture . . . . . . . . . . . . . . . . . . . . . . 109

7 Data Lakes, Data Warehouses, and Lakehouse Architecture . . . . . . . . . . . . 133

8 Enterprise Data Integration Architecture . . . . . . . . . . . . . . . . . . . . . . . 151

9 Data Engineering and Platform Architecture . . . . . . . . . . . . . . . . . . . . . 169

10 Data Products, Data Mesh, and Domain-Oriented Architecture . . . . . . . . . . 189

Part III — Architecting the AIReady Enterprise 211

11 The Relationship Between Enterprise Data Architecture and AI. . . . . . . . . . 213

12 Enterprise Generative AI Architecture . . . . . . . . . . . . . . . . . . . . . . . . . 233

13 RAG, Vector Databases, and Enterprise Knowledge Retrieval . . . . . . . . . . . 253

v



vi Tʜe ENTeRpRIse DATA ARcʜITecT IN Tʜe Aɢe of AI

14 Semantic Architecture, Knowledge Graphs, and Enterprise Context . . . . . . . 273

15 Agentic AI and Intelligent Enterprise Architecture . . . . . . . . . . . . . . . . . 289

16 Enterprise Decision Intelligence. . . . . . . . . . . . . . . . . . . . . . . . . . . . . 305

Part IV — Trust, Governance, and Enterprise Control 321

17 Modern Enterprise Data Governance . . . . . . . . . . . . . . . . . . . . . . . . . 323

18 Security, Privacy, and Responsible AI Architecture . . . . . . . . . . . . . . . . . 339

19 Data Quality, Observability, and Trust Engineering . . . . . . . . . . . . . . . . . 355

20 Enterprise Data and AI Operating Model . . . . . . . . . . . . . . . . . . . . . . . 369

Part V— The Future of Enterprise Data Architecture 383

21 Enterprise Data Modernization and Transformation . . . . . . . . . . . . . . . . 385

22 Building Enterprise Data and AI Reference Architecture . . . . . . . . . . . . . . 401

23 Enterprise Data Architect as Strategic Leader. . . . . . . . . . . . . . . . . . . . . 419

24 The Future of the Enterprise Data Architect . . . . . . . . . . . . . . . . . . . . . 435

25 From Data Architecture to Enterprise Intelligence . . . . . . . . . . . . . . . . . . 451

Conclusion: The Architect of Enterprise Intelligence . . . . . . . . . . . . . . . . . . . 469

Appendices 473

Appendix A: Enterprise Data Architecture Principles Catalog. . . . . . . . . . . . . . 475

Appendix B: Architecture Decision Record Template . . . . . . . . . . . . . . . . . . . 479

Appendix C: Enterprise Data Architecture Capability Model . . . . . . . . . . . . . . 481

Appendix D: Cloud and Lakehouse Architecture Patterns . . . . . . . . . . . . . . . . 483

Appendix E: Data Product Design Template . . . . . . . . . . . . . . . . . . . . . . . . 485

Appendix F: AI and RAG Architecture Patterns . . . . . . . . . . . . . . . . . . . . . . 487

Appendix G: Data Governance and Security Checklist . . . . . . . . . . . . . . . . . . 489

Appendix H: Glossary . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 491

Appendix I: EDA-IQ Maturity Assessment . . . . . . . . . . . . . . . . . . . . . . . . . 495

References and Further Reading . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 497

About the Author . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 501

Index. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 503



Preface

Why Enterprise Data Architecture Must Evolve
We are living through one of the most significant transformations in the history of en-
terprise technology. For decades, organizations have invested in information systems,
databases, data warehouses, integration platforms, and analytical environments to sup-
port their business operations and decision-making capabilities. Enterprise Data Archi-
tecture emerged as a discipline to bring structure, consistency, governance, and strategic
direction to these investments. The Enterprise Data Architect traditionally focused on un-
derstanding business information requirements, defining enterprise datamodels, design-
ing integration patterns, establishing data standards, and ensuring that data platforms
aligned with business and technology strategies. These responsibilities remain impor-
tant.
However, the enterprise technology landscape has changed dramatically.
Cloud computing has fundamentally altered how organizations acquire, provision, scale,
and operate technology infrastructure. Data lakes and lakehouse architectures have ex-
panded the possibilities for storing and processing diverse information at scale. Data
products and domain-oriented architectures have challenged traditional approaches to
enterprise data ownership and consumption.
More recently, generative artificial intelligence has introduced an entirely new dimension
to enterprise data architecture.
Organizations are no longer asking only how to store, integrate, govern, and analyze data.
They are increasingly asking how tomake enterprise information accessible to intelligent
systems, how to establish meaningful context for large language models, how to retrieve
trusted knowledge, and how to enable AI systems to participate in business processes.
These developments create an important question:

What does it mean to be an Enterprise Data Architect in an enterprise increasingly
shaped by artificial intelligence?

The answer cannot be found in any single technology, platform, or architectural pattern.
It requires a broader understanding of enterprise architecture.
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The modern Enterprise Data Architect must connect business strategy with information
architecture, cloud platforms, data engineering, semantic models, governance, and AI
capabilities. They must understand how these components interact, where architectural
boundaries should exist, and how technology investments contribute tomeasurable busi-
ness outcomes.
This book explores that evolution. It is written for professionals who want to understand
not only the technologies transforming enterprise data environments, but also the archi-
tectural thinking required to bring them together.
Throughout this book, we will examine the principles of enterprise data architecture, ex-
plore modern cloud and lakehouse patterns, investigate the architectural foundations of
generative AI and intelligent agents, and discuss the governance and leadership capabil-
ities required to make these ecosystems sustainable.
A central idea runs throughout the book:

The future of Enterprise Data Architecture is not simply about managing data. It
is about architecting the intelligence that organizations can derive from it.

The book also introduces a conceptual framework, EDA-IQ, designed to connect trusted
data foundations, information architecture, data platforms, semantic knowledge, and en-
terprise intelligence. This framework will serve as a recurring reference point as we ex-
amine the architectural challenges facing modern enterprises.
The objective is not to prescribe one universal technology stack or implementation ap-
proach. Every enterprise operates within its own business context, regulatory environ-
ment, technology landscape, organizational structure, and financial constraints. The ob-
jective is to develop the architectural judgment required to navigate these differences.
Ultimately, this book is about the evolution of a profession. It is about moving beyond
technology implementation toward enterprise-wide architectural thinking. It is about
helping organizations build data ecosystems that are not only scalable and efficient, but
also trusted, adaptable, intelligent, and aligned with business purpose. And it is about
preparing the next generation of Enterprise Data Architects for a future in which data
and intelligence are inseparable from enterprise strategy.
Welcome to the next evolution of Enterprise Data Architecture.
Neeraj Bhatyal
New York, 2026



How to Read This Book

This book is designed to serve both as a structured learning journey and as a practical
reference for professionals working in enterprise data and technology architecture. The
chapters build progressively, beginning with the evolution of the Enterprise Data Archi-
tect role and moving toward modern architecture design, artificial intelligence, gover-
nance, and enterprise transformation. The book is organized into five parts.

Part I — The Evolution of Enterprise Data Architecture
This section establishes the business and architectural context for the changing role of the
Enterprise Data Architect. It examines how enterprise data architecture has evolved and
why modern technology developments require a broader architectural perspective.

Part II — Designing the Modern Enterprise Data
Architecture
This section focuses on the architectural building blocks of modern enterprise data
ecosystems, including information architecture, cloud platforms, lakehouse architecture,
data integration, data engineering, and data products.

Part III — Architecting the AIReady Enterprise
This section examines the relationship between enterprise data architecture and artificial
intelligence. It explores generative AI, retrieval-augmented generation, semantic archi-
tecture, knowledge graphs, agentic AI, and decision intelligence.

Part IV — Trust, Governance, and Enterprise Control
This section focuses on the capabilities required tomakemodern data and AI ecosystems
secure, governed, observable, reliable, and operationally sustainable.
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Part V— The Future of Enterprise Data Architecture
The final section brings together the strategic, technical, and organizational dimensions
of enterprise data architecture. It examines modernization, reference architecture, archi-
tectural leadership, and the evolving responsibilities of the Enterprise Data Architect.

A Practical Approach to Learning
Throughout the book, concepts are supported by architectural illustrations, enterprise
scenarios, decision frameworks, and practical examples. A recurring fictional enterprise,
Meridian Financial Group, will be used to demonstrate how architectural principles can
be applied in a realistic business environment. Readers are encouraged to approach each
chapter with the following questions:

• What business problem is the architecture intended to solve?
• What architectural principles should guide the solution?
• What are the available design alternatives?
• What are the trade-offs associated with each approach?
• How does the solution fit into the broader enterprise architecture?
• What governance, security, and operational capabilities are required?
• How does the architecture create measurable business value?

The intention is to develop architectural judgment rather than simply transfer technology
knowledge. By the end of the book, readers should have a more comprehensive under-
standing of how to think, design, and lead as Enterprise Data Architects in the age of
AI.



Introduction: The Emergence of
the Intelligent Enterprise

The Enterprise Is Changing
For much of the modern technology era, enterprise data architecture was primarily con-
cerned with organizing information, connecting systems, and enabling analytical capa-
bilities. Organizations operated large application landscapes, transactional databases, en-
terprise data warehouses, reporting platforms, and integration infrastructures. Data ar-
chitecture provided the structure that connected these environments. It defined how in-
formation was represented, where it was stored, how it moved across systems, and how
it could be governed and consumed. The Enterprise Data Architect played an important
role in establishing consistency across technology investments that were often developed
independently.
This role became increasingly important as organizations expanded their digital opera-
tions, accumulated larger volumes of information, and sought more sophisticated analyt-
ical capabilities.
However, the architectural landscape is now changing. Cloud computing has trans-
formed infrastructure and platform delivery. Lakehouse architectures have expanded the
possibilities for combining diverse data types and analytical workloads. Data products
and domain-oriented approaches have introduced new ways of organizing ownership
and enabling information sharing. Generative AI has created new expectations around
enterprise knowledge, information retrieval, contextual understanding, and intelligent
automation. These developments are not isolated technology trends. Together, they are
changing how enterprises think about information, intelligence, and the role of architec-
ture.

FromManaging Data to Enabling Intelligence
Traditionally, enterprise data architecture focused on making data available, consistent,
integrated, and governed. These remain essential objectives. But the consumption of en-
terprise information is evolving. Historically, business users primarily consumed infor-
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mation through reports, dashboards, analytical applications, and data-driven workflows.
Machine learning introduced additional opportunities to derive predictive insights from
enterprise information. Generative AI has expanded these possibilities by enabling sys-
tems to interact with information through natural language, retrieve knowledge from
multiple sources, and generate responses based on enterprise context.
Agentic AI introduces another architectural consideration: systems may increasingly use
enterprise data and tools to perform sequences of tasks, subject to appropriate authoriza-
tion and oversight. This changes the architectural problem. It is no longer sufficient to
ask whether information is available in a database or data platform. Architects must also
consider:

• Is the information trustworthy?
• Is its business meaning understood?
• Can it be accessed securely?
• Is its context preserved?
• Can AI systems retrieve the appropriate information?
• Can the information be used within defined business controls?
• Can the resulting decisions and actions be monitored?

The modern enterprise must therefore think beyond data availability. It must architect
for information usability, semantic understanding, trust, and intelligence.

The Convergence of Enterprise Architecture and AI
One of the important implications of AI adoption is that enterprise architecture and
AI architecture can no longer be treated as entirely separate disciplines. An AI solu-
tion depends on more than a model. It may require operational system integration,
data pipelines, document processing, metadata, semantic models, vector search, iden-
tity management, governance, monitoring, and business workflow integration. These
components must operate together. Consider an enterprise customer service assistant.
The underlying language model may be capable of understanding questions and gen-
erating responses. However, meaningful enterprise functionality depends on its ability
to retrieve authorized customer information, understand product definitions, access rel-
evant policies, and provide responses consistent with business rules. The architecture
must connect:

1. Enterprise customer information.
2. Product and service information.
3. Business policies and knowledge.
4. Data platforms and integration services.
5. Semantic and retrieval capabilities.
6. AI models and orchestration.
7. Security, authorization, and audit mechanisms.
8. Human oversight and business workflows.
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The challenge is fundamentally architectural. The model is only one component within a
larger enterprise ecosystem. This is why the Enterprise Data Architect has an important
role in AI transformation.

The Modern Enterprise Data Architect
The Enterprise Data Architect must continue to understand data models, integration pat-
terns, databases, governance, and enterprise information requirements. However, the
modern role increasingly extends into areas that were historically addressed by other
architecture disciplines. These include:

• Cloud platform architecture.
• Lakehouse architecture.
• Data product design.
• Enterprise semantic architecture.
• Knowledge representation.
• AI data readiness.
• Generative AI integration.
• Retrieval and context architecture.
• AI governance and security.
• Enterprise intelligence.

This does not mean that one architect must become the implementation specialist for
every technology. Rather, the architect must understand the architectural relationships
between these capabilities and establish the principles, boundaries, standards, and deci-
sions that enable them to work together. The modern Enterprise Data Architect is there-
fore both a technical designer and an enterprise integrator. They must connect business
requirements to information structures, information structures to data platforms, data
platforms to intelligence capabilities, and intelligence capabilities to business outcomes.

A New Architectural Perspective
To address this changing landscape, this book introduces the concept of Enterprise Data
Architecture for Intelligence and Quality, referred to as EDA-IQ. EDA-IQ is the author’s
conceptual framework that brings together five architectural dimensions:

1. Trusted Data Foundation.
2. Information and Data Product Architecture.
3. Data Platform Architecture.
4. Semantic and Knowledge Architecture.
5. Intelligence Architecture.

These dimensions are supported by enterprise-wide architectural leadership, strategic
alignment, governance, and organizational capabilities. The framework is designed to
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help architects understand the relationships between foundational data capabilities and
emerging intelligence requirements. It emphasizes that enterprise intelligence cannot be
established independently of trusted data, coherent information structures, appropriate
platforms, and meaningful business context. It also recognizes that architecture is not
simply a collection of technology components. Architecture must be aligned with the
organization’s operating model, business strategy, governance requirements, and ability
to execute change. The framework will be developed and applied throughout this book.

The Architecture Challenge Ahead
The next generation of enterprise data architecture will be shaped by several important
challenges. First, enterprises must modernize legacy information environments without
unnecessarily disrupting business operations. Second, they must determine how cloud,
lakehouse, warehouse, and operational platforms should coexist. Third, they must estab-
lish clear ownership and governance as information becomes increasingly distributed
across business domains. Fourth, they must make enterprise information accessible to
AI systems while preserving security, quality, and business context. Fifth, they must
develop architectural operating models that allow innovation without sacrificing enter-
prise coherence. Finally, they must demonstrate that architecture investments contribute
to business outcomes rather than becoming technology initiatives without measurable
purpose. These challenges cannot be solved by technology selection alone. They require
architectural judgment, enterprise collaboration, and an understanding of how informa-
tion creates value.

The Purpose of This Book
This book is intended to provide a comprehensive perspective on these challenges. It
combines the strategic considerations of enterprise architecture with the technical depth
of modern data architecture and the emerging requirements of AI-enabled enterprises.
It will explore architectural principles, patterns, platforms, frameworks, reference archi-
tectures, and practical enterprise scenarios. It will also examine the human and organi-
zational dimensions of architecture, recognizing that successful transformation depends
not only on technical design but also on leadership, communication, governance, and
execution.
The objective is to help readers move beyond understanding individual technologies to-
ward understanding the architecture of the enterprise as an integrated system. The cen-
tral proposition of this book is simple:

An intelligent enterprise is not created by adding artificial intelligence to existing
data platforms. It is architected through the deliberate integration of trusted infor-
mation,modern platforms, enterprise knowledge, intelligent systems, and business
purpose.

This is the architectural challenge facing the next generation of EnterpriseDataArchitects.
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And this is where our journey begins.



xvi Tʜe ENTeRpRIse DATA ARcʜITecT IN Tʜe Aɢe of AI



PART I

The Evolution of Enterprise Data
Architecture

Part I establishes why the discipline of enterprise data architecture must
change, and what must remain constant as it does. It begins with the En-
terprise Data Architect at an inflection point, examines the enterprise as
a connected system of strategy, capabilities, information, and technology,
surveys the modern data landscape, and closes with the principles and
practices that give architecture its continuity.
The central question of Part I is simple: why must enterprise data architecture
change? The answer is not that the old foundations have failed. Modeling,
integration, governance, and platform design remain essential. What has
changed is the scope and consequence of architectural decisions in an en-
terprise increasingly shaped by cloud platforms, distributed ownership,
and artificial intelligence.





CHAPTER 1

The Enterprise Data Architect
at an Inflection Point

Chapter Purpose
Enterprise data architecture is at an inflection point. For decades, the discipline has fo-
cused on organizing, integrating, storing, protecting, and making enterprise data avail-
able for reporting and operational use. Those responsibilities remain essential. But the
environment in which organizations create and use data is changing.
Cloud platforms have altered how infrastructure is acquired and operated. Data lakes
and lakehouse architectures have expanded the ways organizations store and process in-
formation. Streaming technologies havemade timely datamore accessible. Data products
and domain-oriented approaches have challenged centralized ownership models. Gener-
ativeAI has introduced newways to retrieve, interpret, and act on enterprise information.
These developments do not make traditional data architecture obsolete. They make it
more consequential.
An organization cannot build reliable analytics, machine learning, or AI capabilities on
top of data that is poorly understood, inconsistently defined, inaccessible, or untrusted.
Nor can it achieve enterprise-wide intelligence simply by deploying a new platform or
connecting a large language model to internal documents. The underlying architecture—
its data, semantics, controls, operating model, and decision processes—still matters.
This chapter examines how the role of the Enterprise Data Architect is evolving: from
designing data structures and movement to shaping the information foundations of an
intelligent enterprise. By the end of this chapter, readers should be able to:

• Explain the evolution of enterprise data architecture and the responsibilities tradi-
tionally associated with the role.

• Describe how cloud, modern data platforms, lakehouse architectures, and generative
AI are changing the architectural landscape.

• Understand the end-to-end data lifecycle, from ingestion through consumption, and
the importance of governing it as an integrated system.

3
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• Identify the broader responsibilities emerging for Enterprise Data Architects.
• Distinguish data architecture from the wider discipline of enterprise intelligence ar-

chitecture.

1.1 The Evolution of Enterprise Data Architecture
Enterprise data architecture has evolved in response to changes in business needs, tech-
nology, and the scale at which organizations operate.
In the early stages of enterprise computing, data was closely associated with individual
applications. Each application maintained the information required to support its own
processes. As organizations grew, this application-centric approach created duplication,
inconsistent definitions, and difficulty sharing information across business functions.
A customer, for example, might be represented differently in a billing system, a sales
application, and a customer service platform. Each system could be correct within its
own context while the organization as a whole lacked a consistent view of the customer.
Data architecture emerged as a way to address these challenges. Its purpose was not
merely to design databases. It was to establish structures, standards, and patterns that
helped an organization manage data as an enterprise asset. The discipline developed
through several overlapping stages.

Application-Centric Data
In application-centric environments, data structures were designed primarily around the
needs of individual systems. The application team determined what information to cap-
ture, how to represent it, and how to store it. This approach supported focused delivery,
but it often produced tightly coupled systems. Sharing information required point-to-
point interfaces, custom transformations, or manual reconciliation. The enterprise archi-
tect increasingly had to look beyond individual applications and understand how infor-
mation moved across the organization.

Enterprise Data Warehousing
As organizations sought integrated reporting and business intelligence, enterprise data
warehouses became important architectural components. Data from operational systems
was extracted, transformed, and loaded into analytical structures. Datamodeling, integra-
tion, historical retention, and reporting consistency became central concerns.
The data warehouse introduced a more deliberate enterprise view of information. It also
made the work of data architecture more visible: architects had to understand source
systems, define common structures, establish integration patterns, and help ensure that
reports were based on consistent definitions.
However, traditional warehouse approaches could be costly or slow to adapt when new
data sources, analytical requirements, or business questions emerged.
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Distributed and Big Data Architectures
The growth of web-scale systems, machine-generated data, and diverse data formats cre-
ated demand for architectures that could handle larger volumes and broader varieties
of information. Data lakes and distributed processing platforms expanded the range of
possible storage and processing patterns. Organizations could retain data in forms closer
to their original structure and apply different processing approaches for different work-
loads. This increased flexibility, but it also introduced new challenges.Without clear own-
ership, metadata, quality controls, and lifecycle management, a data lake could become
difficult to navigate and trust.
The architectural question shifted from “Where should thewarehouse store this data?” to
“How should the organization manage, understand, process, and make this data usable
across multiple environments?”

Cloud and Platform-Based Architecture
Cloud computing changed the economics and operating model of data platforms. Orga-
nizations could provision services on demand, scale resources, and usemanaged capabil-
ities rather than building and maintaining every component themselves. The architect’s
work expanded. Decisions increasingly involved service selection, integration across plat-
forms, security configuration, cost management, resilience, portability, and the distribu-
tion of responsibilities between technology providers and internal teams. Cloud did not
remove architectural complexity. It changed where that complexity appeared.

The AIEnabled Enterprise
The current stage adds another dimension. Organizations increasingly want to use data
not only to describe what has happened, but also to predict, recommend, generate, and
support actions. Machine learning and generative AI depend on data, but they also in-
troduce additional architectural requirements: context, retrieval, semantic consistency,
model integration, evaluation, access controls, and oversight. The Enterprise Data Archi-
tect is therefore operating in a broader environment. The role still includes the design of
data structures and platforms, but it also increasingly influences how enterprise knowl-
edge is represented, accessed, and used by intelligent systems.
The central evolution is this: enterprise data architecture is moving from the manage-
ment of data assets toward the design of trusted information and knowledge capabil-
ities that support enterprise decisions and actions.

1.2 The Traditional Role of the Enterprise Data Architect
The traditional Enterprise Data Architect (EDA) was responsible for defining how data
should be structured, integrated, stored, governed, and made available across the en-
terprise. The role connected business needs with information structures and technology
implementation. It required an understanding of both the meaning of data and the sys-
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tems that managed it. Although organizations define the role differently, its traditional
responsibilities commonly included the following.

Data Modeling and Information Design
The architect translated business concepts into logical and physical data structures. This
involved understanding entities, attributes, relationships, business rules, and the distinc-
tions between conceptual, logical, and physical models. A customer, account, product,
transaction, or location might have different representations across systems. The archi-
tect helped identifywhere those representations should be aligned andwhere differences
were necessary because of business context. Good data modeling was never only about
tables and columns. It was about expressing the organization’s understanding of its in-
formation in a form that could guide systems and processes.

Data Integration
The architect helped define how data moved between applications, platforms, and ana-
lytical environments. Integration patterns could include batch processing, file exchange,
application programming interfaces, message-based integration, and event-driven ap-
proaches. The objectivewas to enable information sharingwhilemanaging dependencies,
consistency, latency, reliability, and change.

Data Platform and Storage Design
The architect contributed to decisions about databases, data warehouses, data lakes, and
other storage technologies. These decisions required an understanding of workload char-
acteristics, performance, scalability, availability, data structures, operational constraints,
and cost. The architect also had to consider how platform decisions affected the broader
enterprise architecture rather than evaluating each technology in isolation.

Data Governance and Standards
The architect helped establish and apply standards for data definitions, modeling, meta-
data, naming, quality, ownership, and lifecycle management. Governancewas not simply
a set of documents or approvalmeetings. It was the systemof accountability and decision-
making that helped ensure data was managed appropriately throughout its lifecycle.

Data Quality and Consistency
The architect worked with business and technology stakeholders to define data quality
expectations and address structural causes of inconsistency. For example, if two systems
calculated customer status differently, the problemmight not be solved by adding another
transformation. It might require clarification of the business definition, ownership, and
rules governing the information.



The Enterprise Data Architect at an Inflection Point 7

Architecture Alignment
Finally, the EDA helped ensure that data decisions supported enterprise strategy and
fit within broader technology architecture. This included collaboration with solution ar-
chitects, application architects, infrastructure teams, security specialists, data engineers,
business analysts, anddata governance leaders. The traditional rolewas therefore already
multidisciplinary. The change underway is not that the EDA is suddenly expected to col-
laborate or think strategically. It is that the scope and consequences of data architecture
decisions are expanding.

1.3 The Modern Enterprise Technology Landscape
The modern enterprise rarely operates on a single data platform or within a single tech-
nology environment. It may combine legacy applications, packaged business systems,
cloud-native services, operational databases, analytical platforms, streaming infrastruc-
ture, external data sources, and AI services. These components have different purposes,
lifecycles, security requirements, and operating models. They may be owned by differ-
ent teams and supported by different providers. The result is a complex architecture in
which data must remain understandable and usable across organizational and techno-
logical boundaries.

The End-to-End Data Lifecycle
A useful way to understand this environment is to examine the end-to-end data lifecycle:

1. Ingestion — bringing data into a platform or environment from operational systems,
applications, devices, partners, or external sources.

2. Storage — retaining data in forms appropriate to its purpose, access patterns, perfor-
mance needs, and lifecycle.

3. Processing—transforming, validating, enriching, combining, and preparing data for
use.

4. Serving — making data available through interfaces, analytical structures, APIs,
events, data products, or other access mechanisms.

5. Governance — establishing accountability, policies, controls, definitions, metadata,
lineage, and quality expectations across the lifecycle.

6. Consumption — using data in operational processes, reporting, analytics, machine
learning, AI applications, and human decision-making.

These are not necessarily sequential stages in a single pipeline. In a modern architecture,
data may move through multiple paths, be processed repeatedly, or be shared across
platforms. Governance is not a final step; it applies throughout the lifecycle.
The lifecycle provides a useful architectural lens because it prevents teams from optimiz-
ing one component while overlooking the consequences elsewhere. For example, select-
ing a low-cost storage service may appear attractive. But if the data is difficult to discover,
poorly described, or expensive to process, the overall architecture may not deliver the ex-
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Ingestion
sources, events,

files

Storage

fit for purpose

Processing
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Serving
APIs, products,

models

Consumption

people, apps, AI

Feedback: what consumers learn improves sources, processing, and design

Governance spans the lifecycle: ownership · policy · metadata · lineage · quality · security

Figure 1.1 – The Enterprise Data Lifecycle

pected value. Likewise, a fast ingestion mechanism does not guarantee timely business
insight. Data may still require complex transformations, quality checks, access approvals,
and semantic alignment before it can be used.
The architect must therefore evaluate the whole system, not simply the technology at
each stage.

Complexity Is Not Only Technical
Modern enterprise complexity also arises from organizational structure. Different busi-
ness units may own similar data. Platform teams may provide shared services, while
domain teams build their own data products. Security, risk, compliance, and legal func-
tions may impose requirements that vary by data type and use case. The architecture
must account for these boundaries. A technically elegant solution can fail if ownership is
unclear, teams cannot operate it, or business users do not understand the data it provides.
The modern EDA must therefore consider technology, information, people, process, ac-
countability, and economics as connected architectural concerns.

1.4 Cloud Computing and the Shift in Architectural
Responsibilities
Cloud computing has changed how organizations acquire and operate data capabilities.
Instead of purchasing and maintaining all infrastructure directly, organizations can use
managed services, elastic resources, and platform capabilities offered by cloud providers.
This can accelerate delivery and reduce the need to operate certain infrastructure com-
ponents. It also creates new architectural choices and responsibilities.

From Infrastructure Selection to Service Composition
In traditional environments, architecture decisions often involved selecting hardware,
database products, storage systems, and integration technologies that would be installed
and operated within organizational data centers. In cloud environments, the architect
may instead select and combinemanaged services. The design question becomes broader:
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• Which capabilities should be managed services?
• Which services should be shared across the enterprise?
• Which workloads belong in which environments?
• How will identity, networking, encryption, and access policies be applied?
• How will data move between cloud and non-cloud environments?
• How will resilience and recovery be designed?
• How will usage and cost be monitored?
• How will the organization manage dependencies on specific providers?

These are not merely infrastructure questions. They affect data access, platform interop-
erability, security, operational ownership, and long-term flexibility.

Shared Responsibility
Cloud services do not eliminate the need for internal accountability. The provider and
customer have different responsibilities, and the exact division depends on the service
model and contractual arrangement. The enterprise architect must understand which
controls are provided by the platform and which must be designed, configured, moni-
tored, and operated by the organization. For data architecture, this includes questions
such as:

• Who is accountable for data classification?
• How are access policies defined and enforced?
• How is sensitive data protected in storage and in use?
• How are data movement and external sharing monitored?
• Who manages retention and deletion?
• How are recovery requirements established and tested?

The answers must be reflected in architecture and operating procedures, not left as as-
sumptions.

Cost Becomes an Architectural Concern
Cloud consumption models make it possible to provision resources quickly, but they
can also make costs difficult to predict. Storage, processing, data movement, orchestra-
tion, and managed services may each contribute to total cost. The EDA does not need to
become a finance specialist, but must understand how architectural decisions affect con-
sumption and operational expense. For example, copying the same data into multiple
platforms may improve local convenience while increasing storage, processing, and gov-
ernance costs. Moving large volumes of data between environments may also introduce
cost and latency.
Cost should therefore be considered alongside performance, resilience, security, and us-
ability.
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Portability and Dependency
Managed services can provide valuable capabilities, but they may also create dependen-
cies on provider-specific technologies and interfaces. The architect should not assume
that every workload must be portable across providers. Portability has a cost, and some-
times a provider-specific capability is justified. The important task is to make the trade-
off explicit. A sound architecture identifies where standard interfaces, open formats, ab-
straction layers, or exit strategies are important—and where using a managed capability
provides sufficient value to justify the dependency.
The architectural objective is not to avoid cloud dependency at all costs. It is to under-
stand, govern, and deliberately manage it.

1.5 The Rise of Lakehouse and Modern Data Platforms
Modern data platforms have expanded the architectural options available to enterprises.
Data warehouses remain important for structured analytical workloads and governed re-
porting. Data lakes support the storage andprocessing of diverse data at scale. Lakehouse
approaches seek to combine aspects of these patterns, supporting broader data types and
analytical workloads while providing capabilities associated with data management and
reliability.
The term lakehouse is used in different ways across the industry. It should not be treated
as one universally fixed architecture or product category.
For the Enterprise Data Architect, the more useful question is: what capabilities does the
organization need, and how should those capabilities be composed?

Beyond the Platform Label
A platform label does not determine whether an architecture is effective. An organiza-
tion may adopt a lakehouse platform and still struggle with inconsistent business defini-
tions, duplicated data, unclear ownership, weak quality controls, or limited discoverabil-
ity. Conversely, an organization may use a combination of warehouse, lake, streaming,
and operational platforms in a coherent architecture if the responsibilities and interfaces
are clearly defined. The architect should assess the platform in terms of:

• Supported workloads and data types.
• Data ingestion and integration patterns.
• Storage and processing options.
• Metadata, catalog, and lineage capabilities.
• Security and access controls.
• Reliability and operational management.
• Interoperability with other platforms.
• Cost and consumption patterns.
• Support for data sharing and data products.
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• Suitability for analytical and AI-related workloads.

Architecture Is More Than a Platform Diagram
A platform diagram typically shows technologies and connections. An enterprise data
architecture must also explain the purpose and responsibility of each component. For
example:

• Which platform is authoritative for a particular data domain?
• Where are transformations performed?
• Which data is curated and certified for enterprise use?
• How are business definitions maintained?
• Who owns the quality of a data product?
• How is data access approved and monitored?
• How are changes communicated to downstream consumers?

These questions are essential regardless of whether the organization uses a warehouse,
lake, lakehouse, or a combination.
The modern Enterprise Data Architect must resist the temptation to treat platform adop-
tion as the end state. A platform is an enabling capability. The architecture must connect
it to business information, ownership, governance, and measurable outcomes.

1.6 Generative AI as an Architectural Disruptor
GenerativeAI has brought new attention to enterprise data architecture because it creates
newways to interact with information. Traditional analytical systems commonly depend
on predefined data structures, queries, dashboards, and models. Generative AI systems
can accept natural-language prompts and produce summaries, explanations, recommen-
dations, or generated content. This changes the user experience, but it does not remove
the need for reliable information. An AI application may produce a fluent answer even
when its supporting information is incomplete, outdated, contradictory, or irrelevant.
The quality of the output depends on more than the language model itself.
It may depend on:

• The quality and relevance of source data.
• The way information is organized and described.
• The ability to retrieve the appropriate content.
• The context supplied to the model.
• The access rights of the user and application.
• The design of prompts, tools, and workflows.
• The evaluation of outputs and the handling of uncertainty.
• The controls applied to sensitive or regulated information.

These requirements bring data architecture directly into AI solution design.
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Enterprise Data Is Not Automatically Enterprise Knowledge
An organization may possess large volumes of documents, records, reports, and
databases. That does not mean an AI system can reliably interpret them. Information
may be duplicated, fragmented, poorly indexed, or expressed using inconsistent ter-
minology. Important context may exist only in business rules, process documentation,
or the experience of employees. The architect must help establish how enterprise
information is prepared, connected, described, governed, and made available for AI use.
This may involve document processing, metadata, semantic models, knowledge graphs,
retrieval systems, vector search, APIs, and other capabilities. The appropriate design de-
pends on the use case; no single technology pattern solves every enterprise knowledge
problem.

Retrieval and Context
Many enterpriseAI applications need to retrieve relevant information before generating a
response. Retrieval-augmented generation (RAG), for example, combines retrieval from
an external knowledge source with generation by a language model. Its effectiveness de-
pends on the quality of the retrieval process and the information supplied as context. A
data architect may need to consider:

• How source information is identified and approved.
• How documents and records are chunked, indexed, and updated.
• How metadata and business context are preserved.
• How permissions are applied during retrieval.
• How conflicting or outdated information is handled.
• How source references are made available to users.
• How retrieval and generated responses are evaluated.

These are architectural questions, not merely prompt-writing tasks.

AI Introduces New Data Flows
An AI solution may send prompts, retrieved content, user inputs, tool outputs, and gen-
erated responses through multiple services. Each movement may have implications for
privacy, security, retention, auditability, and cost. The architect must understand what
information is being sent, where it is processed, how it is retained, and which controls
apply.
The same principle applies to AI agents that can invoke tools or initiate actions. Their
architecture must account for the data and permissions available to them, the boundaries
of their authority, and the mechanisms used to monitor and review their activity.
Generative AI does not replace enterprise data architecture. It increases the number of
ways enterprise information can be used—and the importance of controlling those uses.
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1.7 The Expanding Responsibilities of the Modern EDA
Themodern Enterprise Data Architect continues to perform foundational work inmodel-
ing, integration, platform design, and governance. But the role increasingly reaches into
areas that were once treated as separate disciplines. The expansion can be understood
across several dimensions.

From Data Structures to Business Meaning
A data model describes how information is represented. Enterprise architecture must
also address what that information means to the business. Consider the term customer.
It may refer to an individual, a household, a legal entity, an account holder, or a com-
mercial relationship, depending on context. An AI application that retrieves information
about a customer must understand which meaning applies. Otherwise, it may combine
information that should remain distinct or overlook relationships that matter. The EDA
increasingly works with business architects, data stewards, domain experts, and seman-
tic specialists to align technical structures with business meaning.

From Integration to Interoperability
Integration connects systems. Interoperability enables different systems, teams, and ap-
plications to exchange and use information consistently. This requires attention to inter-
faces, contracts, identifiers, semantics, metadata, and change management. The goal is
not to force every system into one model. It is to establish enough shared understanding
and predictable interaction to support enterprise-wide use.

From Platform Design to Data Product Architecture
In some organizations, data is increasingly managed as a product: a defined, supported,
and reusable offering with an owner, intended consumers, quality expectations, and ac-
cess mechanisms. This approach can improve accountability and usability, but it requires
more than assigning a product label to a dataset. The architect helps define how data
products fit into the enterprise: how they are discovered, governed, composed, secured,
monitored, and changed.

From Governance Policies to Embedded Controls
Governance is most effective when it is reflected in the architecture and daily operation
of data systems. That means connecting policies to practical mechanisms such as access
controls, metadata, lineage, quality checks, retention rules, and audit records. The EDA
helps translate governance expectations into design requirements and technical patterns,
while working with accountable business and control functions.
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From Analytics Enablement to AI Readiness
AI readiness is not simply a measure of whether data is available in a cloud platform. It
includes whether the data is understandable, relevant, appropriately governed, discov-
erable, and suitable for the intended use. The architect may help assess readiness across
data quality, semantics, access, lineage, metadata, integration, and operating capabilities.

From Technical Delivery to Value and Risk
Architecture decisions affect more than implementation complexity. They influence how
quickly the organization can respond to business needs, how much it spends, how reli-
ably it operates, and how effectively it manages risk. The EDA must be able to explain
these trade-offs in language that business leaders can understand. This does not mean ev-
ery architectmust own business strategy or riskmanagement. It means the architectmust
connect technical choices to the outcomes and constraints that matter to the enterprise.

1.8 From Data Architecture to Enterprise Intelligence
Architecture
The expansion of the EDA role points toward a broader architectural perspective: enter-
prise intelligence architecture. This book uses the term Enterprise Intelligence Architecture
to describe the coordinated design of data, information, semantics, platforms, AI capabil-
ities, governance, and operating models that enable an organization to turn information
into trusted decisions and actions. It is not intended to replace enterprise architecture,
data architecture, or AI architecture. It connects them around a shared objective: enabling
the enterprise to use its information responsibly and effectively.

Five Connected Architectural Dimensions
The book introduces aworking framework called EDA-IQ: Enterprise Data Architecture
for Intelligence and Quality. EDA-IQ is the author’s conceptual model rather than an
established industry standard. It describes five connected dimensions.
1. Trusted Data Foundation
The foundation includes data quality, governance, metadata, lineage, security, privacy,
master and reference data, and stewardship. Its purpose is to establish confidence in the
information being used.
2. Information and Data Product Architecture
This dimension addresses business domains, information models, data products, owner-
ship, interfaces, and interoperability. Its purpose is to make information understandable,
reusable, and accountable across the enterprise.
3. Data Platform Architecture
This dimension includes cloud environments, warehouses, lakes, lakehouses, integration,
streaming, processing, orchestration, and platform operations. Its purpose is to provide
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the technical capabilities required to manage and use data at enterprise scale.
4. Semantic and Knowledge Architecture
This dimension addresses business vocabulary, semantic models, ontologies, knowledge
graphs, metadata, and the context required to interpret information. Its purpose is to
connect data structures with business meaning and relationships.
5. Intelligence Architecture
This dimension includes analytics, machine learning, generative AI, retrieval, vector
search, agents, and decision intelligence. Its purpose is to enable information to support
prediction, generation, recommendation, and action.
These dimensions are not a technology stack. They are a way to reason about the ca-
pabilities an enterprise must coordinate. Security, governance, architecture leadership,
financial accountability, and change management cut across all five.

Trusted Data
Foundation

Information & Data
Product Architecture

Data Platform
Architecture

Semantic & Knowledge
Architecture

Intelligence
Architecture

EDA-IQ
Enterprise Data Architecture
for Intelligence and Quality

Cross-cutting: security · governance · architecture leadership · financial accountability · change management

Figure 1.2 – EDAIQ Five Connected Dimensions

Why the Dimensions Must Work Together
Consider an enterprise AI assistant designed to answer questions about customer rela-
tionships.
The intelligence layer may include a language model and retrieval mechanism. The plat-
form layer may provide storage, processing, indexing, and APIs. The information archi-
tecture must define customer-related data products and their ownership. The semantic
layer must clarify what customer, account, relationship, and status mean. The trusted
foundation must ensure that information is accurate, access is appropriate, and use is
governed.
If any dimension is weak, the overall solution may be affected. A sophisticated model
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cannot compensate for ambiguous business definitions. A well-designed data platform
cannot independently resolve unclear ownership. Strong governance policies cannot pro-
tect information if they are not reflected in access mechanisms and operational processes.
Enterprise intelligence emerges from the coordination of these capabilities.

1.9 The Skills and Mindset Required for the Future
The evolving role requires a combination of enduring architectural skills and new areas
of knowledge. The objective is not for every EDA to become a specialist in every technol-
ogy. It is to develop enough breadth to make sound architectural decisions, recognize
dependencies, and work effectively with specialists.

Enduring Skills
Several capabilities remain central:

• Business understanding: the ability to understand business processes, objectives, in-
formation needs, and constraints.

• Information modeling: the ability to represent business concepts, relationships,
rules, and structures clearly.

• Systems thinking: the ability to understand how local design decisions affect the
wider enterprise.

• Communication: the ability to explain complex architectural issues to technical and
nontechnical stakeholders.

• Governance and risk awareness: the ability to translate requirements into architec-
ture and controls.

• Decision-making: the ability to compare options, make trade-offs explicit, and docu-
ment architectural rationale.

These skills remain valuable regardless of technology trends.

Emerging Areas of Knowledge
The modern EDA should also develop working knowledge of:

• Cloud-native data services and platform operating models.
• Lakehouse and distributed data processing patterns.
• Streaming and event-driven architectures.
• Data products and domain-oriented ownership.
• Metadata, lineage, cataloging, and observability.
• Semantic models, knowledge graphs, and enterprise context.
• Machine learning and generative AI architecture.
• Retrieval-augmented generation and vector search.
• AI security, evaluation, and governance.
• FinOps and the economics of data platforms.
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Depth will vary by organization and role. An architect working in a highly regulated en-
terprise may need greater emphasis on governance and controls. An architect supporting
real-time operations may focus more on event-driven integration and resilience. An ar-
chitect leading AI enablement may need deeper knowledge of retrieval, semantics, and
model integration.

The Mindset Shift
The most important change may be a shift in how the architect frames problems. Instead
of asking only, “Where should this data be stored?” the architect asks, “Who needs this
information, what does it mean, and how will it be trusted and used?” Instead of ask-
ing only, “Which platform should we adopt?” the architect asks, “Which capabilities are
required, how will they work together, and what operating model will sustain them?”
Instead of asking only, “Can we connect an AI model to our data?” the architect asks,
“What information should the system access, under what authority, with what context,
and how will its outputs be evaluated?” These questions move architecture from compo-
nent selection toward enterprise capability design.

Architecting Through Trade-Offs
There is rarely one design that is optimal across every dimension.
A highly centralized platform may simplify some forms of control while creating bottle-
necks for delivery. Domain ownershipmay improve local accountability while increasing
the need for shared standards and interoperability. Amanaged servicemay accelerate im-
plementation while creating provider dependency. More extensive data replication may
improve access while increasing cost and governance complexity.
The architect’s responsibility is not to eliminate trade-offs. It is to make them visible, as-
sess them in context, and help the organization choose deliberately.

1.10 The Enterprise Data Architect in Practice: Meridian
Financial Group
Throughout this book, we will use a fictional organization called Meridian Financial
Group to explore architectural decisions in a realistic enterprise setting. Meridian is a
global financial services organization with a mixture of legacy applications, data ware-
houses, cloud platforms, and business-managed data environments. Its leadershipwants
to improve analytics, modernize data capabilities, and introduce AI-enabled services.
At the same time, the organization must address regulatory obligations, sensitive cus-
tomer information, operational resilience, and the need for consistent business defini-
tions. Meridian’s challenges are familiar:

• Customer information is distributed across multiple systems.
• Business units use different definitions for some shared concepts.
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• Datamovement has evolved through a combination of established and point-to-point
integrations.

• Some analytical data is difficult to discover or reuse.
• Ownership and quality expectations vary by domain.
• AI opportunities are emerging faster than enterprise standards and controls.
• Technology teams are under pressure to modernize without disrupting critical oper-

ations.

These are not problems that can be solved by selecting a single platform.

The First Architectural Conversation
Suppose Meridian proposes an AI assistant to help relationship managers prepare for
customer meetings. A narrow technology discussion might begin with model selection,
document ingestion, and a user interface. The Enterprise Data Architect broadens the
discussion.
What does Meridian mean by a customer relationship? Which systems contain relevant
customer and account information? Which sources are authoritative? What information
may the relationshipmanager access?Howcurrentmust the information be?Howshould
conflicting records be handled? What context is needed to interpret the data? What
should the assistant cite? How will the organization monitor usage and investigate er-
rors?
These questions do not delay architecture. They establish the conditions under which
the solution can be useful and trusted. The architect may work with business owners to
define the use case, data stewards to clarify meaning, security teams to establish access
requirements, platform teams to design retrieval and integration, and AI specialists to
evaluate the application. The outcome is not simply an AI solution. It is an architectural
pattern that can inform future solutions.
This is the kind of contribution themodern EDA is expected tomake: connecting business
intent, enterprise information, technology capabilities, and control requirements.

1.11 Key Takeaways
1. Enterprise data architecture has evolved, not disappeared. Its foundations in mod-

eling, integration, governance, and platform design remain essential.
2. The modern data environment is interconnected. Ingestion, storage, processing,

serving, governance, and consumption must be understood as parts of an end-to-end
lifecycle.

3. Cloud changes architectural responsibilities. It introduces new choices involving
managed services, shared responsibility, cost, resilience, security, and provider de-
pendency.

4. A modern platform is an enabler, not an architecture by itself. Warehouses, lakes,
and lakehouses must be connected to clear information structures, ownership, gover-
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nance, and business outcomes.
5. AI increases the importance of trusted enterprise information.Data quality, seman-

tics, context, retrieval, permissions, and evaluation all influence whether AI applica-
tions can be used responsibly.

6. The EDA role is expanding. The architect increasingly works across data products,
semantic architecture, AI integration, operating models, and enterprise decision-
making.

7. Enterprise intelligence requires coordinated capabilities. Data foundations, infor-
mation architecture, platforms, semantics, and intelligence must work together.

8. The architect’s value lies in connecting decisions. The role is not to select technolo-
gies in isolation, but to help the enterprise make coherent, sustainable, and account-
able choices.

Architect’s Reflection
Consider your own organization or an enterprise with which you are familiar.

1. How is enterprise data architecture currently defined? Is it primarily focused on plat-
forms and integration, or does it also address business meaning, ownership, and use?

2. Can the organization trace important information from its source through processing
and serving to the people, applications, and AI systems that consume it?

3. Where do inconsistent definitions or unclear ownership create friction?
4. Are cloud and modern data platform decisions being made as part of an enterprise

architecture, or primarily as individual technology choices?
5. What would need to change for the organization to make trusted enterprise informa-

tion available to AI applications?
6. Which capabilities should the Enterprise Data Architect strengthen to contribute

more effectively to enterprise strategy?

The central question for this chapter is:
Is the organization designing data platforms—or is it designing the trusted information capabili-
ties required to operate and evolve as an intelligent enterprise?
The distinction will shape the architecture decisions explored throughout this book.
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CHAPTER 2

Understanding the Modern
Enterprise

Purpose
Enterprise data architecture does not begin with a platform, a database, or a technology
decision. It begins with an understanding of the enterprise: what the organization is try-
ing to achieve, how it operates, how it creates value, and how information supports its
decisions and activities.
This distinction is important because data architecture is often approached as a technol-
ogy discipline. Teams may begin by reviewing platforms, identifying data sources, or
designing integration patterns before they have a shared understanding of the business
capabilities and information needs those designs must support.
The result can be technically sound architecture that solves the wrong problem, dupli-
cates existing capabilities, or fails to address the organizational conditions required for
success. The modern enterprise is a connected system of business capabilities, people,
processes, information, applications, technology platforms, partners, and controls. Its
data architecture must reflect this reality.
This chapter establishes the enterprise context needed for effective data architecture. It ex-
amines business strategy, operating models, business capabilities, information domains,
organizational structures, and the relationship between enterprise architecture and data
architecture. It also introduces a practical method for understanding an enterprise before
designing its data landscape.
By the end of this chapter, readers should be able to:

• Describe the enterprise as a system of connected business and technology capabilities.
• Explain how business strategy and operating models influence data architecture.
• Understand business capabilities, value streams, and information domains.
• Recognize how organizational structures affect data ownership and interoperability.
• Connect enterprise architecture with enterprise data architecture.
• Apply a structured approach to understanding an enterprise before making architec-

21
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ture decisions.

2.1 The Enterprise as a Connected System
An enterprise is more than a collection of applications, departments, databases, and in-
frastructure. It is an organization that combines people, processes, information, technol-
ogy, assets, and relationships to deliver products or services and achieve defined out-
comes. These elements are interdependent.
A customer onboarding process, for example, may involve sales, identity verification,
risk assessment, legal review, account creation, communications, and ongoing servicing.
Each activity may be supported by different teams and applications. Yet the customer
experiences the process as one interaction with the organization.
The data architecture must account for both the individual activities and the information
that connects them.
A common architectural mistake is to view the enterprise through its technology inven-
tory alone. An application inventory can reveal systems and dependencies, but it does
not necessarily explain why those systems exist, what business outcomes they support,
or which information must be consistent across them.
A more useful enterprise view considers several connected layers.

Business Strategy and Outcomes
Strategy describes the direction an organization intends to pursue and the outcomes it
seeks to achieve. Examples may include improving customer experience, increasing op-
erational efficiency, expanding into newmarkets, reducing risk, or developing new prod-
ucts. Data architecture should be connected to these outcomes. The relevance of a data
capability depends partly on the business need it supports.

Business Capabilities
Capabilities describe what an organization must be able to do. Examples include cus-
tomer management, product development, payments, underwriting, supply chain man-
agement, financial planning, and regulatory reporting. Capabilities provide a relatively
stable way to understand the enterprise, even as organizational structures and applica-
tions change.

Business Processes and Value Streams
Processes describe how work is performed. Value streams describe the sequence of activ-
ities through which an organization delivers value to a customer or other stakeholder. A
capability may be used by many processes, and a process may depend on multiple capa-
bilities. Understanding these relationships helps architects identify where information is
created, changed, shared, and consumed.



Understanding the Modern Enterprise 23

Information and Data
Information represents the concepts and facts the organization uses to operate. It includes
customer, product, account, transaction, employee, supplier, asset, location, and other
business information.Data architecture defines how this information is represented,man-
aged, integrated, protected, and made available.

Applications and Technology
Applications support business activities, while technology platforms provide the infras-
tructure and services on which applications and data capabilities operate. The relation-
ship between business capabilities and technology should be deliberate. A business capa-
bilitymay be supported by several applications, and an applicationmay supportmultiple
capabilities. The architect must understand these relationships rather than assume that
each system maps neatly to one business function.

Strategy & outcomes Customer
experience Efficiency Growth Risk

Business capabilities Customer mgmt Payments Lending Reporting

Processes & value streams Onboarding Servicing Fulfilment

Information & data Customer Account Product Transaction

Applications & platforms CRM Core systems Data platform AI services
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Figure 2.1 – The Enterprise as a Connected System

The purpose of this view is not to create a rigid hierarchy. It is to help the architect see
the enterprise as a system of relationships.
A change in one area can have consequences elsewhere. A new customer service model
may change the information required by employees. A new regulatory requirement may
affect data retention, lineage, and reporting. A new AI capability may introduce new
access paths to information and new expectations for data quality.
The Enterprise Data Architect must understand enough of this system to make decisions
that work beyond the boundaries of an individual project.

2.2 Business Strategy as the Starting Point
Data architecture should support business strategy rather than exist as an independent
technology agenda. This does not mean every data platform decision must be directly
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traceable to a single strategic objective. Organizations need foundational capabilities that
support many activities. However, the architecture should have a clear rationale con-
nected to enterprise needs. Consider an organization pursuing three strategic outcomes:

• A more consistent customer experience
• Faster development of new products
• Improved risk management

Each outcome creates different information requirements. A consistent customer experi-
ence may require better customer identity resolution, shared customer definitions, and
reliable information across channels. Faster product development may require reusable
product data, accessible analytical environments, and clearer data ownership. Improved
risk management may require traceable data, consistent calculations, controlled access,
and the ability to explain how information was produced. A single architecture initiative
may support several of these outcomes, but the business rationale should remain visible.

Translating Strategy into Architecture Questions
A practical way to connect strategy with data architecture is to translate strategic objec-
tives into questions.

Strategic objective Questions for the data architect

Improve customer experience Which customer information is needed across
channels? Where are definitions inconsistent?

Increase operational efficiency Which processes depend on manual data
reconciliation? Where can information be
reused?

Accelerate product development Which information capabilities should be shared?
What data must be available earlier?

Strengthen risk management What information must be traceable, controlled,
and explainable?

Expand AI adoption Which data and knowledge sources are suitable
for AI use? What controls and evaluation are
required?

The table is not a universal mapping. It is a starting point for conversations with business
stakeholders.
The architect should seek to understand the outcome behind a request. A business leader
asking for a “customer 360 platform,” for example, may actually be seeking faster service
resolution, improved sales effectiveness, more reliable risk assessment, or a combination
of these.
The architecture will differ depending on the intended outcome.
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Avoiding Technology-Led Strategy
A technology-led initiative often begins with a platform or product and then searches
for business problems it can solve. There are cases where technology exploration is valu-
able, particularly when an organization is evaluating emerging capabilities. But broad
platform adoption without a clear business context can lead to duplicated services, un-
derused investments, and unclear accountability. The data architect should ask:

• What business outcome is expected?
• Which capabilities must improve?
• Which information is required?
• Who will use the information?
• What constraints must be respected?
• How will value be measured?
• What must change in the operating model?

These questions help ensure that technology decisions are grounded in enterprise needs.

2.3 Understanding Business Capabilities
A business capability describes what an organization does, independent of the specific
people, processes, or applications used to perform it. For example, a financial services
organization may have capabilities such as:

• Customer relationship management
• Product management
• Account management
• Payments
• Credit assessment
• Fraud management
• Financial reporting
• Regulatory compliance
• Customer servicing

A manufacturing organization may have capabilities such as product design, procure-
ment, production planning, inventory management, logistics, and quality management.
Capabilities provide a useful structure for enterprise analysis because they are generally
more stable than organization charts or application portfolios.

Why Capabilities Matter to Data Architecture
Capabilities help identify where information is required and where responsibility may
belong. For example, a customer relationship capability may depend on customer iden-
tity, preferences, interactions, products, and account information. Some of this informa-
tion may be created in one system and consumed by many others. The architect can use
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capability analysis to identify:

• Critical information used by each capability.
• Data dependencies between capabilities.
• Repeated or overlapping information requirements.
• Opportunities for shared data services or products.
• Areas where inconsistent information creates operational risk.
• Capabilities that may be affected by a proposed architecture change.

This is particularly useful when an enterprise has many applications and teams. Instead
of beginning with a list of systems, the architect begins with what the organization needs
to do.

Capability Maps
A capabilitymap is a visual representation of the capabilities required by an organization.
It may be organized into levels, from broad capability areas to more specific capabilities.
For data architecture, a capability map can be annotated with information needs, data
ownership, criticality, and technology support.
A capability map is not a replacement for a data model. It provides a business-oriented
view that helps determine where deeper information analysis is needed.

Capability versus Organization Structure
A capability should not be confused with a department. A department is an organiza-
tional unit. A capability is something the enterprise must be able to do. One department
may support several capabilities. A single capability may span several departments. This
distinction matters because data ownership assigned solely according to reporting lines
may become unstable when the organization restructures. Capability-based analysis en-
courages architects to consider the enduring business responsibility behind information,
rather than relying only on current organizational boundaries.

2.4 Value Streams and the Flow of Information
A value stream describes how an organization delivers value through a sequence of ac-
tivities. For example, a customer onboarding value stream may include:

1. Customer expresses interest.
2. Required information is collected.
3. Identity and eligibility are verified.
4. Risk checks are completed.
5. The relationship or account is established.
6. The customer receives confirmation.
7. Ongoing service begins.
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Each stage creates, consumes, or changes information. The information may move be-
tween applications, teams, and external parties. Some information is entered by the cus-
tomer, some is obtained from authoritative sources, and some is derived through busi-
ness rules or analytical processes.

Why Value Streams Matter
A system-by-system view can hide the experience of the business process.
A value-stream view helps the architect understand where delays, handoffs, duplication,
and information gaps occur.
For example, if customer information is collected during onboarding butmust be entered
again during account servicing, the issue may not be a missing interface alone. It may
reflect unclear ownership, inconsistent data definitions, or a process that was designed
around separate applications rather than a continuous customer relationship.
Value-stream analysis helps identify the business impact of data fragmentation.

Mapping Information to Activities
For each activity in a value stream, the architect can ask:

• What information is required to perform this activity?
• Where does the information originate?
• Who or what is authorized to change it?
• What information is produced?
• Which downstream activities depend on it?
• What quality or timeliness is required?
• What evidence or lineage must be retained?
• What happens when the information is missing or inconsistent?

The answers can inform data models, integration patterns, data products, and gover-
nance requirements.
This analysis is especially valuable for AI-enabled processes. If an AI assistant supports
customer onboarding, it must understand the process context, the information required
at each stage, and the limits of its authority. The same informationmay be appropriate for
one activity but not another. The value stream therefore provides context for both data
access and AI workflow design.

2.5 Enterprise Information Domains
An information domain is a coherent area of business information, usually organized
around a significant business concept or responsibility. Examples include:

• Customer
• Product
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• Account
• Transaction
• Employee
• Supplier
• Asset
• Location
• Financial
• Risk
• Regulatory

Information domains provide a useful way to organize enterprise data architecture. They
help answer questions such as:

• What major categories of information does the enterprise manage?
• Which business areas understand and maintain that information?
• Where are shared definitions needed?
• Which systems create or update the information?
• Which consumers depend on it?
• What controls apply?

Domains Are Not Necessarily Systems
A common mistake is to equate an information domain with a single application or
database. A customer domain may span customer relationship management, onboard-
ing, account servicing, billing, and analytical systems. Similarly, a single application may
contain information from several domains. The domain is a business-oriented way of
organizing information. It does not automatically determine where the information is
physically stored.

Identifying Domain Boundaries
Domain boundaries require judgment. For example, should customer and account be
treated as separate domains? In many organizations, they represent distinct concepts
with different ownership and lifecycle rules. In other contexts, the relationship between
them may be modeled differently. The architect should consider:

• Business meaning
• Lifecycle and change patterns
• Accountability
• Regulatory and privacy requirements
• Reuse across capabilities
• Relationships with other domains
• Operational and analytical needs

The objective is not to create the largest possible number of domains. Excessive fragmen-
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tation can make the architecture difficult to govern. Overly broad domains can obscure
ownership and business meaning.

Shared Concepts and Local Context
Enterprise-wide consistency does not mean every business area must use identical physi-
cal structures. A concept such as customermay have a common enterprisemeaningwhile
being represented differently for specific operational purposes. A sales application may
needprospect information.A servicing platformmayneed verified customer identity and
communication preferences. A risk process may need relationships among individuals,
organizations, and accounts. The architecture should distinguish between:

• Shared business concepts.
• Domain-specific representations.
• Authoritative sources.
• Derived or analytical views.
• Data products designed for specific consumers.

This distinction allows the enterprise to promote consistency without forcing every sys-
tem into one physical model.
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Figure 2.2 – Enterprise Information Domains and Relationships

2.6 The Enterprise Operating Model
An operatingmodel describes how an organization structures and coordinates its people,
processes, technology, governance, and decision-making to deliver its business strategy.
For data architecture, the operatingmodel influenceswho creates data, who owns it, who
maintains quality, who approves access, and who provides shared capabilities. Two orga-
nizations may use similar technologies but require different architectures because their
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operating models differ.

Centralized Operating Model
In a centralized model, a central team may own much of the data platform, integra-
tion, modeling, governance, and delivery process. Potential benefits include shared stan-
dards, consolidated expertise, and consistent platformmanagement. Potential challenges
include bottlenecks, distance from domain knowledge, and competing priorities across
business units.

Federated Operating Model
In a federated model, central and domain teams share responsibility. A central function
may define enterprise principles, standards, shared services, and governance expecta-
tions, while domain teams manage data within their areas. This can improve alignment
with business context, but it requires clear decision rights and mechanisms for resolving
conflicts.

Decentralized or Domain-Oriented Model
In a more decentralized model, business domains may own substantial portions of their
data capabilities and delivery. This can increase local autonomy and responsiveness. It
can also create fragmentation if domains do not agree on shared concepts, interoperabil-
ity, security, and enterprise-level controls. No operating model is automatically appropri-
ate for every enterprise. The architecture must reflect the organization’s size, regulatory
context, culture, capabilities, risk profile, and business strategy.

The Operating Model Must Be Designed, Not Assumed
A data architecture may define a data product owner, but the organization must still
establish what that person is accountable for and how the role works with engineering,
governance, security, and consumers. Likewise, a policy may state that data quality is a
domain responsibility, but the operating model must provide time, tools, authority, and
escalation paths to make that responsibility practical. Architecture and operating model
must therefore be designed together.

2.7 Organizational Boundaries, Ownership, and
Accountability
Information often crosses organizational boundaries. A customermay interact with sales,
operations, finance, risk, and service teams. Each team may use the information for a
different purpose. This creates a distinction between data use and data accountability. A
team may consume information without owning its definition or quality. Another team
may maintain the source but not understand every downstream use. Without explicit
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accountability, problems can persist because each team assumes another is responsible.

Ownership Is More Than a Label
Assigning an owner to a data domain or product is useful only when the role has clear
responsibilities. These may include:

• Defining business meaning.
• Establishing quality expectations.
• Approving appropriate uses.
• Coordinating changes.
• Resolving definition conflicts.
• Supporting consumers.
• Participating in governance and risk processes.

Ownership does not necessarily mean that one person performs every operational task.
It means that accountability is clear.

Data Producers and Consumers
A producer creates or provides data. A consumer uses it. In a complex enterprise, a team
may be both. For example, a customer onboarding team may produce verified identity
information and consume product eligibility data. A risk teammay consume transaction
data and produce risk classifications. Understanding producer-consumer relationships
helps architects identify dependencies, contracts, and the impact of change.

Decision Rights
Organizations should clarify who can make decisions about:

• Enterprise-wide definitions
• Domain-specific definitions
• Data quality thresholds
• Access and permitted use
• Changes to shared data products
• Technology standards
• Exceptions to architecture principles

Not every decision belongs to a central architecture board. Some decisions should be
made close to the business context, while others require enterprise coordination. The
architecture should make these boundaries visible.
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2.8 Enterprise Architecture and Enterprise Data
Architecture
Enterprise architecture provides a broad view of how an organization is structured and
how its business, information, applications, and technology fit together. Enterprise data
architecture is a focused discipline within this broader context. It concentrates on the
information assets and capabilities that support the enterprise. The relationship is com-
plementary. Enterprise architecture helps establish strategic alignment, business capa-
bility context, architectural principles, and cross-domain dependencies. Enterprise data
architecture provides deeper guidance on information structures, data movement, data
platforms, governance, metadata, and data use.

A Shared Architecture Conversation
Consider a proposal to introduce a new digital customer service capability. Enterprise
architecture may examine:

• Which business capabilities are affected?
• What business processes will change?
• Which applications are involved?
• What technology capabilities are required?
• What strategic and operational risks must be addressed?

Enterprise data architecture may examine:

• Which customer and account information is required?
• Which sources are authoritative?
• How should information be integrated?
• What definitions and identifiers must be shared?
• What quality, lineage, privacy, and access controls apply?
• How should the information be exposed to applications and analytics?

Neither view is sufficient alone. A solution may fit the technology strategy but fail be-
cause its information dependencies are unresolved. Conversely, a well-designed data
model may not be viable if it conflicts with application constraints or the enterprise op-
erating model.

Architecture Principles
Enterprise principles guide decisions across initiatives. Examples relevant to data archi-
tecture include:

• Treat data as an enterprise asset.
• Assign clear accountability for important information.
• Prefer reusable and well-defined interfaces.
• Protect information according to its sensitivity and permitted use.
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• Make important data discoverable and understandable.
• Design for interoperability and controlled change.
• Align platform decisions with business needs and operational capabilities.

Principles should be specific enough to guide decisions but not so prescriptive that they
prevent context-sensitive design. A principle should also have implications. If an organi-
zation states that data should be reusable, it should definewhat reuse requires: metadata,
quality expectations, access mechanisms, ownership, and support.

Architecture Governance
Architecture governance provides mechanisms for making and reviewing decisions. It
may include principles, standards, design reviews, exception processes, architecture de-
cision records, and periodic assessment. The goal is not to centralize every technical deci-
sion. It is to ensure that decisions with enterprise consequences are made transparently
and that local choices remain compatible with agreed direction.

2.9 Understanding the Enterprise Before Designing the
Architecture
An effective architect does not need to understand every detail of an enterprise before
beginning work. However, the architect needs a structured way to discover the context
that materially affects the design. The following approach can be used at the beginning
of an architecture engagement.

Step 1 Understand the Business Outcomes
Start with the reason for the initiative. Ask:

• What is the organization trying to improve or enable?
• Which business outcomes matter?
• Who is affected?
• What is driving the timing?
• How will success be measured?
• What constraints are already known?

Avoid accepting a proposed technology solution as a complete statement of the business
problem.

Step 2 Identify Relevant Capabilities and Value Streams
Determine which business capabilities and value streams are affected. Identify the activi-
ties, stakeholders, handoffs, and information dependencies involved. This helps establish
the scope of the architecture in business terms.
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Step 3 Identify Information Domains
Determine themajor information domains involved. For each domain, identify important
concepts, business definitions, likely owners, sources, consumers, and sensitivity. At this
stage, the objective is to understand the landscape, not to finalize every data model.

Step 4 Understand the Current Application and Platform
Landscape
Identify the systems and platforms that create, maintain, process, and consume the rel-
evant information. Capture important interfaces, dependencies, constraints, and known
limitations. Distinguish betweenwhat is documented andwhat has been confirmedwith
system owners.

Step 5 Understand Governance and Control Requirements
Identify the policies, regulations, contractual obligations, security requirements, privacy
expectations, and operational controls relevant to the initiative. Engage the appropriate
business and control stakeholders early. The architect should not independently interpret
every legal or regulatory obligation. Instead, the architect should ensure that require-
ments are understood, assigned, and reflected in the design.

Step 6 Understand the Operating Model
Determine how responsibilities are distributed across enterprise teams, domains, plat-
form teams, and control functions. Identify decision rights, escalation paths, and opera-
tional ownership. A design that depends on responsibilities no team can perform is not
a sustainable architecture.

Step 7 Identify Gaps and Architectural Questions
Compare the required capabilities with the current state. Potential gaps may include:

• Missing or inconsistent definitions.
• Unclear data ownership.
• Limited lineage or discoverability.
• Duplicated integration.
• Weak data quality controls.
• Inadequate access mechanisms.
• Platform limitations.
• Unclear support for AI use cases.

Separate confirmed issues from assumptions and open questions.
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Step 8 Define the Architecture Scope and Principles
Based on the discovery, define what the architecture will address and what it will not
address. Establish relevant principles and decision criteria. This creates a foundation for
evaluating options without prematurely selecting technologies.

2.10 Applying the Enterprise View: Meridian Financial
Group
Meridian Financial Group is preparing to modernize how it manages customer informa-
tion and to support AI-enabled customer services. The initial proposal is to create a uni-
fied customer data platform. The proposal appears straightforward, but the Enterprise
Data Architect begins by examining the enterprise context.

Understanding the Business Objective
Meridian’s leadershipwants relationshipmanagers and service employees to have amore
consistent understanding of customer relationships. The intended outcome is not simply
to consolidate records. It is to reduce the effort required to assemble relevant informa-
tion and improve the consistency of customer interactions. This distinction matters. A
consolidated database may not address inconsistent definitions, unclear access rights, or
differences in business processes.

Mapping Capabilities and Value Streams
The architect identifies several relevant capabilities:

• Customer relationship management
• Customer onboarding
• Account management
• Product management
• Risk assessment
• Customer servicing
• Regulatory compliance

The customer lifecycle spans several of these capabilities. Information is collected, vali-
dated, enriched, and reused at different stages.

Identifying Information Domains
The initial domain analysis identifies customer, party, account, product, transaction, in-
teraction, and risk information. The architect discovers that the term customer is used dif-
ferently across several business areas. In one context, it refers to an individual. In another,
it may refer to a legal entity or a broader commercial relationship. The team therefore
needs to clarify the business concepts and relationships before defining a consolidated
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information model.

Understanding the Operating Model
Meridian has central data platform teams, domain-aligned business teams, and separate
governance and risk functions. However, responsibilities for customer definitions and
data quality are not consistently understood. The architecture must therefore address
accountability and decision rights as well as technology.

Reframing the Architecture Problem
The initial proposal focused on creating a unified platform. The broader enterprise anal-
ysis reframes the problem:

Meridian needs a governed customer information capability that can connect relevant
sources, preserve business meaning, support authorized use, and serve operational, analyti-
cal, and AI-enabled consumers.

A platformmay be part of the solution, but it is not the complete solution. This reframing
changes the architecture conversation. It brings business owners, data stewards, platform
teams, security, and AI specialists into a shared discussion about information, responsi-
bility, and outcomes. The lesson is transferable: understanding the enterprise can change
not only how a solution is designed, but what problem the organization believes it is
solving.

2.11 Common Enterprise Understanding Mistakes
Several recurring mistakes can weaken data architecture before detailed design begins.

Starting with the Technology Inventory
A technology inventory is useful, but it should not be the only view of the enterprise.
Without business context, architects may optimize existing systems rather than address
the underlying information need.

Treating the Organization Chart as the Architecture
Departments and reporting lines change. Business capabilities and information relation-
ships may persist across those changes. Use organizational structure to understand ac-
countability, but do not assume it defines the ideal information architecture.

Assuming Shared Data Means One Physical Database
Enterprise consistency does not always require physical centralization. Shared defini-
tions, identifiers, contracts, and governance may be more important than storing every
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record in one place. The appropriate physical design depends on the business and tech-
nical context.

Treating Governance as a Separate Workstream
Governance requirements affect data design, access, integration, metadata, quality, and
operations. If governance is postponed until after implementation, the architecture may
need substantial rework.

Assuming Business and Technical Stakeholders Use the Same
Language
Terms such as customer, product, account, transaction, and active may have different
meanings across teams. The architect should surface these differences rather than assume
that familiar words have consistent definitions.

Ignoring the Operating Model
A design may assign ownership or operational responsibilities that the organization has
not established. The result can be unclear accountability, unsupported data products, and
persistent quality problems.

Designing for an Imagined Future State
Modernization often involves a desired future architecture, but the organization must
transition from its current state. Legacy constraints, skills, contracts, processes, and risk
requirements affect what can be delivered and in what sequence. The architect should
understand both the target and the path toward it.

2.12 Key Takeaways
1. Enterprise data architecture begins with enterprise understanding. Technology

choices should be connected to business outcomes, capabilities, information needs,
and constraints.

2. The enterprise is a connected system. Strategy, capabilities, processes, information,
applications, people, and technology influence one another.

3. Business capabilities provide a stable lens. They help architects understand what
the organization must do without relying exclusively on departments or systems.

4. Value streams reveal information dependencies. They show where information is
created, consumed, changed, and handed between activities.

5. Information domains organize business meaning. They help clarify concepts, ac-
countability, and relationships without requiring every domain to map to one sys-
tem.

6. The operating model shapes the architecture. Ownership, decision rights, and oper-
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ational responsibilities must be explicit and practical.
7. Enterprise architecture and data architecture are complementary.Business and tech-

nology context should inform detailed information and platform decisions.
8. Discovery should be structured. Understanding outcomes, capabilities, domains,

platforms, controls, and operating models helps prevent technology-led designs that
miss the real problem.

9. The architecture problem may change as the enterprise is understood. A platform
request may reveal a broader need involving information consistency, governance, or
business accountability.

Architect’s Reflection
Think about an enterprise you know well.

1. Can its business strategy be translated into clear information and data capabilities?
2. Are business capabilities understood independently of departments and applica-

tions?
3. Which value streams depend on information that crosses multiple organizational

boundaries?
4. Which information domains have clear ownership, and which have ambiguous ac-

countability?
5. Does the operating model support the data architecture the organization wants to

build?
6. Are architecture decisions driven primarily by business outcomes, existing technol-

ogy, or a combination of both?
7. If the organization introduced an AI-enabled service tomorrow, would its business

concepts, information sources, and access responsibilities be clear enough to support
it?

The central question for this chapter is:
Do we understand the enterprise well enough to design the data architecture it needs—not merely
the technology architecture we know how to build?
Chapter 3 will build on this enterprise perspective by examining the modern enterprise
data landscape: the platforms, patterns, and architectural components that organizations
use to manage data across cloud, lakehouse, integration, engineering, and consumption
environments.
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